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     RESUMO

Objetivo: examinar os desafios contemporâneos enfrentados pelo método 
survey no campo da administração, em especial no marketing, devido ao 
surgimento de novas tecnologias e mudanças nos comportamentos dos 
respondentes. Provocações: com a ascensão da inteligência artificial, o 
método survey tradicional começa a ser questionado. Questões como a 
validade das respostas, a fadiga dos respondentes e a proliferação de dados 
comportamentais obtidos por meios automatizados questionam a eficácia do 
survey na captura de comportamentos reais dos consumidores. Além disso, 
novas legislações podem trazer restrições capazes de afetar a coleta de dados 
via survey. Conclusões: apesar de não estar obsoleto, o método survey deve 
se reinventar para permanecer relevante. A integração com novas tecnologias, 
como a inteligência artificial, e a combinação com métodos qualitativos são 
caminhos sugeridos para melhorar a eficácia das pesquisas em um ambiente 
com forte avanço tecnológico. O futuro do survey depende da capacidade 
de adaptação e da complementaridade com outras abordagens emergentes.

Palavras-chave: survey; inteligência artificial; dados sintéticos.

    ABSTRACT

Objective: to examine the contemporary challenges faced by the survey 
method in the administration field, particularly in marketing, due to 
the emergence of new technologies and changes in respondent behavior. 
Provocations: with the rise of artificial intelligence, the traditional survey 
method is increasingly being questioned. Issues such as response validity, 
respondent fatigue, and proliferation of behavioral data obtained through 
automated means cast doubt on the survey’s effectiveness in capturing actual 
consumer behavior. Additionally, new legislation may introduce restrictions 
that could impact data collection via surveys. Conclusions: although 
not obsolete, the survey method must reinvent itself to remain relevant. 
Integrating new technologies, such as artificial intelligence, and combining 
them with qualitative methods are suggested paths to improve research 
effectiveness in an environment heavily influenced by technological 
advancements. The future of the survey depends on its ability to adapt and 
complement other emerging approaches.
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INTRODUCTIONINTRODUCTION

The survey method is a cornerstone of applied 
social sciences because it gathers information directly 
from individuals, allowing for the systematic analysis of 
behaviors, attitudes, and opinions across various social 
contexts. Widely used globally, it is essential to capture 
representative data from large populations, analyze 
complex social phenomena, and develop theories based 
on empirical evidence (Nardi, 2018). In marketing, 
its importance is even greater, as it provides crucial 
insights into consumer perceptions, preferences, and 
motivations, which are fundamental to formulating 
effective marketing strategies (Goffin et al., 2010).

In developed markets such as the USA and 
Europe, surveys are employed to monitor economic 
trends, evaluate public policies, and understand 
consumer behavior (Sudbury-Riley & Kohlbacher, 
2016), which is essential for shaping business policies 
and strategies. Moreover, the rise of digital technologies 
has facilitated the growth of online surveys, making 
them more accessible and scalable (Fricker & Schonlau, 
2002), thereby reinforcing their importance in gathering 
insights for decision-making in various international 
contexts

This method is also significant in Brazil, both in 
academia and the business sector. Research on survey use 
(Mazzon & Hernandez, 2013; Sampaio et al., 2012) has 
shown that approximately three-quarters of the scientific 
production in marketing in Brazil is based on data 
collected from surveys. In the business environment, its 
relevance is demonstrated by establishing associations 
dedicated to market research (Meyer et al., 2015) 
which play a fundamental role in professionalizing and 
standardizing research practices. As a result, surveys not 
only provide insights into consumer behavior but also 
support strategic decisions in business.

However, surveys have faced criticism (Meyer et 
al., 2015), mainly due to the challenges respondents 
face in accurately answering questionnaires (Faria, 
2024). Common issues include respondents’ lack of 
time, which can lead to superficial or rushed responses 
(Evans & Mathur, 2018), and concerns about the 
validity of the data collected (Meyer et al., 2015), 
which may be compromised by a lack of engagement 
or misunderstanding of the questions posed (Evans & 
Mathur, 2018). Additionally, there are concerns about 
the survey’s limited ability to capture the complexity of 
consumer behavior, as standardized responses may not 
reflect actual behavior but rather intentions, desires, or 
socially expected answers (Tourangeau & Yan, 2007). 

Given the evolution of research practices and 
emerging criticisms regarding their validity, it is crucial 
to reassess the role of surveys in the field of marketing. 
In this paper, we explore the reasons behind the decline 
in survey research, emphasizing factors such as changes 
in respondent behavior, the impact of technology, 
and the rise of new research methods. We also discuss 
how advancements in artificial intelligence (AI) have 
prompted a reevaluation of traditional methodologies 
(Sturgis & Luff, 2020). Finally, we address the challenges 
in predicting behavior, highlighting the limitations of 
current approaches and the complexities of effectively 
capturing the dynamics of human behavior in diverse 
contexts.

SURVEY METHOD IN CRISIS: REFLECTIONS SURVEY METHOD IN CRISIS: REFLECTIONS 
ON ITS LIMITATIONSON ITS LIMITATIONS

One of the main reasons for the decline in 
surveys is the change in respondents’ behavior, driven 
by information overload (Meyer et al., 2015). With 
the advancement of technology and the increasing 
pace of life, individuals have become more resistant to 
participating in surveys due to lack of time, disinterest, 
insecurity, or distrust regarding the use of collected 
data. This resistance is even more pronounced in face-
to-face surveys, particularly in household surveys in 
urban centers. 

The rise of digital survey channels, such as email, 
social media, websites, and Internet of Things (IoT) 
devices, has transformed data collection methods. 
While this multiplicity offers an opportunity to 
reach a broader and more diverse audience, enabling 
surveys to be distributed more efficiently and at scale, 
it also introduces challenges such as ‘survey fatigue.’ 
Additionally, it increases the complexity of managing 
and analyzing the collected data, requiring more 
sophisticated approaches to ensure the consistency of 
results. Thus, although the expansion of digital channels 
has extended the reach and accessibility of surveys, it has 
also burdened respondents, leading to low response rates 
in internet-based surveys, which are often perceived as 
having little value by respondents. 

The proliferation of consumer panels raises 
additional issues. Online data collection faces challenges 
such as statistical non-response and ‘unintentional’ 
biases, including social desirability, expectation, and 
confirmation, which can distort results (Tourangeau & 
Yan, 2007). Furthermore, the ‘professional’ respondent 
bias, common in consumer panels, adds another layer of 
complexity to data interpretation and impacts response 
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quality; ‘professional’ respondents may ‘learn’ how to 
answer widely used scales in marketing.

Current challenges of the survey method

In marketing research, there has long been debate 
about how accurately surveys can describe consumer 
behavior. Although, among other uses, surveys can help 
access intentions, they are limited in addressing the 
customer experience (Hulland et al., 2018). This new 
paradigm recognizes that while purchase intention is an 
important indicator, it does not always translate into 
actual consumer behavior. 

While surveys offer a structured and quantitative 
view of consumer motivations, beliefs, and attitudes, 
qualitative methods such as in-depth interviews and 
focus groups are often preferred because they provide 
richer insights. These qualitative methods capture the 
nuances and complexities of consumer perceptions – 
something that standardized survey responses often fail 
to achieve. In addition, ethnographic techniques, which 
involve direct observation of behavior in real contexts, 
are used when seeking a deeper and more contextualized 
understanding of consumer interactions with brands and 
products.

Digital tracking techniques, such as cookies, 
pixel tracking, and digital fingerprinting, combined 
with machine learning (ML) and AI models, have 
revolutionized how companies and researchers collect 
and analyze data, contributing to the decline of the survey 
method as the predominant approach. Continuous 
monitoring of clicks, social media interactions, and 
devices such as smartphones and wearables allows real-
time collection of attitudinal, behavioral, and geo-
referenced data, overcoming the speed, depth, and 
spatial limitations of traditional surveys.

With the individual’s consent, this data can be 
collected without the need for specific questions, as in 
surveys, offering a more authentic and spontaneous view 
of consumer behavior and eliminating response bias in 
declarative surveys. In addition, combining transactional 
data with online interactions makes it possible to create 
advanced predictive models that identify consumer 
behavior patterns and preferences with greater precision. 
This ability to anticipate wants and needs enables content 
and recommendation personalization on a massive scale, 
which traditional surveys cannot achieve.

Among the changes challenging the survey 
method is the new Brazilian legislation (Lei nº 14.874, 
2024) which establishes strict guidelines for research 
involving human subjects across all fields of knowledge, 
including the creation of the National System of Ethics 

in Research with Human Beings. One key point is Article 
20, which prohibits the remuneration of participants 
or granting any advantage except for reimbursement 
of transportation or food expenses. This could directly 
impact participation rates in Brazilian surveys, as the 
motivation to participate may decrease without financial 
incentives. 

Surveys in the AI Era

With the rise of AI and its growing influence in 
marketing research, new opportunities to address the 
challenges of the survey method have emerged. AI can 
enhance various stages of the research process, from 
the design and generation of synthetic data via GANs 
or LLMs to the distribution of questionnaires and the 
analysis of collected data (Ikegwu et al., 2022; Li et al. 
2024; Ruiz-Real et al., 2021). AI can help personalize 
questions based on respondents’ profiles, making surveys 
more relevant and increasing response rates in online 
surveys. Additionally, machine learning (ML) algorithms 
can identify hidden response patterns, providing more 
actionable insights (Haleem et al., 2022; Huang & Rust, 
2021).

However, the implementation of AI also introduces 
ethical challenges, such as ensuring data privacy (Franzke 
et al., 2020), addressing potential algorithmic biases 
that may compromise the representativeness of results 
(Kordzadeh & Ghasemaghaei, 2021) and improving 
the interpretability of black-box algorithms (e.g., deep 
learning), where researchers may struggle to justify or 
even understand the reasons behind certain responses 
(Molnar, 2018).

Data synthesis using ML algorithms, such as 
neural networks, has emerged as a solution to privacy 
and security challenges in research involving sensitive 
data. Proposed by Rubin (1993) and Little (1993), 
the technique gained prominence with advancing 
technologies and regulations, such as the GDPR 
in Europe and the LGPD in Brazil, which demand 
alternatives that ensure confidentiality.

Recent research in marketing (e.g., Li et 
al. 2024) explores the use of silicon sampling as a 
substitute for human respondents, preserving the 
essential characteristics of the original data without 
exposing personal information. This makes it a viable 
option when real data usage is restricted. However, the 
representativeness and accuracy of synthetic data are 
critical challenges, as they depend on the algorithms’ 
ability to capture the nuances of real data, which is not 
always guaranteed. Studies such as those by Savage (2023) 
e Jenkins (2023) indicate that, despite the advantages 
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in terms of security and accessibility, the robustness of 
synthetic data as a replacement for real data in complex 
analyses requires caution.

Another trend is integrating survey data with other 
sources, such as social networks and transactional data. This 
combination allows researchers to triangulate different types 
of information, enriching and deepening analyses (Groves 
& Harris-Kojetin, 2017). For example, while a survey might 
capture a consumer’s purchase intention, transactional 
data can reveal their actual purchasing behavior, enabling 
comparative analysis that highlights discrepancies between 
intention and action. The merging of these sources provides 
a holistic view of consumer behavior, contributing to more 
accurate and effective marketing strategies (Kamakura & 
Wedel, 1996). However, this approach requires advanced 
data analysis skills and a critical understanding of the 
limitations of each source to avoid misleading conclusions.

FINAL CONSIDERATIONSFINAL CONSIDERATIONS

Despite criticism and challenges, the survey method 
is not obsolete but rather evolving. In the digital age, surveys 
are transforming into hybrid tools that combine traditional 
techniques with technological innovations. One example is 
the use of short, dynamic surveys sent via mobile devices to 
capture feedback at key moments in the consumer journey. 
Additionally, integration with social media platforms 
enables more effective, real-time targeting of specific 
consumer segments. These innovations suggest that, while 
surveys may be declining as a stand-alone tool, they remain 

an integral part of the marketing research ecosystem when 
used in conjunction with other methodologies (Mikalef et 
al., 2019; Venkatesh et al., 2013). 

Consequently, changes in the teaching of survey 
methods in universities are inevitable. Ideally, business 
administration programs should include courses focused on 
machine learning and AI, teaching students how to collect, 
process, and analyze large volumes of data and how this data 
can be used to predict behaviors and customize marketing 
strategies. Training should emphasize the combination of 
quantitative and qualitative methods, enabling students 
to integrate survey data and experimental results with 
qualitative insights obtained through in-depth interviews, 
focus groups, and ethnographies, thus understanding how 
these approaches complement each other (Venkatesh et al., 
2013). Moreover, preparing students to identify and mitigate 
biases in algorithms and data analysis is essential, ensuring 
that the insights generated are valid and reliable (Kordzadeh 
& Ghasemaghaei, 2021; Martin & Murphy, 2017).

The real question is not whether surveys are obsolete 
but how they can be reinvented and integrated into a 
broader, more dynamic research ecosystem. By adapting 
and complementing other approaches, surveys continue to 
be valuable for data collection, offering insights that, when 
well interpreted, can be extremely powerful for strategic 
decision-making in marketing and other areas. Therefore, 
the future of surveys lies in their ability to evolve and coexist 
with emerging methodologies, ensuring they remain relevant 
and effective in an increasingly complex, digital, and data-
driven world.
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